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  = read("data/X")
y = read("data/y")

X = scale(X,TRUE,TRUE)
w = l2svm(X,y,TRUE,
      1e‐9,1e‐3,100)

write(w,"data/wXy")

if(shift)
 X = X ‐ colMeans(X)  
if(scale)
 X = X / colSds(X)

if(intercept)
 X = cbind(X,ones)
while(conto & i<maxi) {
 Xd = X %*% s 
 while(conti) {
  out = 1‐y*(Xw+sz*Xd)
  sz = sz ‐ g/h; # ...
 }
 g_new = t(X) %*% (out*y)
}
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BWARE
Pipeline LM: 8 Transform Encode specifications and 8 Polynomials.

Dataset Measure ULA AWARE BWARE

KDD98 Execution Time 654s 452s 251s

Compression & Morphing — 148s 21.9s
Transform-Encode 74.1s 59.9s 7.95s

Instructions 110·1012 100·1012 44·1012

Instructions per Cycle 0.94 2.59 2.68
L1 Cache Misses 7,792·109 1,740·109 786·109

Energy Consumption 338kJ 185kJ 92kJ

Home Execution Time 431s 266s 160s
Adult Execution Time 19.9s 22.1s 16.6s

Santander Execution Time 489s 376s 374s
Cat Execution Time 467s 170s 63s
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BWARE

Morph compression through feature transformations and
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BWARE

Contact Paper Code

https://baunsgaard.github.io/
https://baunsgaard.github.io/assets/pdf/BWARE.pdf
https://github.com/damslab/reproducibility/tree/master/vldb2026-BWARE
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BWARE

Backup
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BWARE
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BWARE

Name Rows Cols Categorical Numeric Task

Adult 32,561 15 9 6 Binary
CatInDat 900,000 24 16 8 Binary

Criteo Day 0 195,841,983 39 25 14 Binary
Crypto 24,236,806 10 1 9 Regression
KDD98 96,367 481 135 334 Regression

Santander 200,000 201 0 201 Binary
HomeCredit 307,511 121 16 105 Binary

Salaries 397 6 3 3 Binary
AMiner V16 5,259,857 1,000 1,000 0 Word Embed
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BWARE
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BWARE

TableTransform-Encode Column Asymptotic Size.

F-M F-CM CF-CM

Recode & Pass 8|X| #B|X|+ 8di constant
Bin & Hash 8|X| #B|X|+ 8∆ #B|X|+ 8∆

With One-Hot / Dummy-Coding

Recode & Pass 12|X| #B|X| constant
Bin & Hash 12|X| #B|X| #B|X|

Word Embed (8v + 12)|X| #B|X| constant
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